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All living beings, including humans, have one fundamental thing in common: proteins. These 
vital substances act as the building blocks of life. They oversee nearly every function within 
our bodies, playing essential roles in everything from tissue construction and infection 
defence to communication between cells and food digestion.

They also control the progression of disease and healing. They are incredibly important.

Proteins are composed of chains of amino acids, just like pins in a padlock. Each pin 
represents a different amino acid.

Protein Simulation

The chain of amino acids is a pattern. We must match this pattern to copy the protein, just as 
a lock will only open when the correct key is inserted.

Each amino acid is linked to a specific frequency. Playing these frequencies in the 
corresponding order is like a song that tells cells how to copy or block the protein. 

The pattern of proteins can also be likened to pieces of a jigsaw puzzle. Each protein has a 
unique pattern. Only matching pieces of a jigsaw can be joined together.

Simulation Example

Serrapeptase is an enzyme like no other. It is often considered the Miracle Enzyme due to its 
multiple health-giving benefits. It is especially good for people with joint pain, external or 
internal scars, or an autoimmune disease. This high-cost protein which can be simulated for 
free.

Treating Diseases

Treating diseases by targeting proteins through inhibition or stimulation is a cornerstone of 
modern pharmacotherapy. Proteins play crucial roles in virtually all biological processes, and 
their dysfunction can lead to various diseases. By modulating these proteins, either by 
inhibiting their harmful actions or by enhancing their beneficial effects, treatments can 
effectively manage or cure many conditions, including cancer.

Proteins are fundamental in preventing cancer growth through various mechanisms, including 
controlling cell growth and division, repairing DNA, promoting cell death of damaged cells, 
enhancing the immune system, and blocking the supply of nutrients to tumors.

Proteins are crucial for helping our bodies heal from injuries and fight off illnesses. They 
work in several ways to make sure we recover properly:



Building and Repairing

Proteins like collagen help repair damaged tissues. Think of collagen as a kind of glue that 
helps hold everything together. When you get a cut or a bruise, collagen helps to patch things 
up and make them strong again.

Fighting Infections

Proteins are essential in our immune system, which protects us from germs. Antibodies, a 
type of protein, help identify and destroy bacteria and viruses that can make us sick.

Helping Cells Communicate

Some proteins act as messengers and help cells communicate with each other. This is really 
important when your body is healing because it helps coordinate the repair process, like 
calling workers to fix a broken road.

Detoxing

There are also proteins that help clean up dead cells and other debris at the site of an injury. 
This is like the clean-up crew that comes in after a construction job, making sure everything 
is tidy so new structures can be built.

Controlling Responses

Proteins help control how our bodies respond to injuries and stress. For example, some 
proteins help reduce swelling and manage pain during the healing process.
In simple terms, proteins are like the workers in a well-organized team, each with a specific 
job that helps us heal and stay healthy. They are vital for fixing damaged parts, fighting off 
invaders, and making sure our bodies work smoothly during the healing process.



Designing Custom Peptides
In addition to copying or blocking existing proteins, science now allows us to design new, 
optimised peptides which don’t necessary exist in nature.

A peptide is simply a shorter, simpler version of a protein; a mini-protein that can still 
perform powerful jobs in the body. Many modern medicines are peptides because they are 
natural, safe, targeted, and extremely effective.

Think of peptides as custom tools, each crafted to solve a specific problem:

 Some reduce inflammation.

 Some repair cartilage or tendons.

 Some improve immune balance.

 Some regenerate skin or internal tissue.

 Some stop cancer cells from dividing.

Because peptides are modular; like Lego blocks, we can design them using modern methods 
to achieve the best possible effect.

Here is a simple explanation for some of the scientific methods used:

Rational Fragment-Based Design

This method is like building a new key out of the best pieces of many old keys.
Scientists:

 break down natural proteins into small fragments

 test which fragments perform useful actions (healing, anti-inflammatory, immune-
modulating, etc.)

 recombine the best pieces into a brand-new, stronger peptide

This produces peptides that are targeted, efficient, and highly specific.

Structure-Based Modelling (3D Protein Simulation)

Imagine designing a puzzle piece by studying the exact shape of the empty space it must fit 
into.
Using 3D modeling:

 researchers examine the shape of receptors on cells

 design peptides that fit perfectly into these structures

 ensure they activate or block the desired biological pathways

This produces peptides with excellent precision and minimal side effects.



QSAR / Machine-Learning Peptide Prediction

QSAR stands for Quantitative Structure–Activity Relationship.
It is like showing a computer thousands of tools and teaching it which shapes and materials 
perform best for each task.
ML models analyze:

 amino-acid properties

 charge, polarity, hydrophobicity

 folding patterns

 past peptide successes and failures

The model then predicts new peptide sequences with maximal therapeutic potential.

Deep-Learning Generative Peptide Engineering

This is like asking an AI composer to invent entirely new “melodies” (peptide sequences) no 
human has ever considered.
Deep-learning models:

 simulate peptide behaviour at the molecular level

 generate sequences optimised for stability, potency, safety, and biological targeting

 test them in virtual environments before they are ever made in real life

This unlocks completely novel peptides far beyond what classical biology could design.

Motif Optimisation Using Display Technologies (Phage, mRNA, Ribosome Display)

These techniques are like using trillions of tiny test subjects, each carrying a slightly different 
peptide, and letting biology itself reveal which one performs best.
Phage display, mRNA display, and ribosome display:

 create libraries of millions to billions of peptide variations

 expose them to a target (like a cancer marker, inflammatory protein, or receptor)

 let only the best-binding peptides survive

 repeatedly refine them through selection cycles

The result is a peptide precisely evolved for maximum effect, and can be modelled using 
powerful computers.

Why Custom-Designed Peptides Work So Well

Peptides can be:
 more targeted than drugs



 more natural than chemicals

 safer with fewer side effects

 designed for very specific tissues

 fast-acting

 easy for the body to understand and use

If proteins are the “workers,” peptides are specialised experts, like a locksmith, electrician, or 
surgeon.

Custom-made peptides ensure the exact expert your body needs can be called into action.

This makes peptide-based approaches one of the most promising frontiers in future medicine. 
Frequency-encoded sequences allows this to happen today.

Summary

 Proteins run almost everything in the body.
 Their sequences can be represented as patterns of frequencies.
 These patterns can simulate beneficial proteins or inhibit harmful ones.
 Modern science can also design entirely new peptides optimised for healing.
 These novel peptides can:

 repair tissue
 calm inflammation
 balance immunity
 fight cancer
 prevent disease progression
 promote longevity

Modern computational design methods allow us to tailor-make ideal, optimised peptides for 
any disease or health condition. By translating these sequences of these peptides into 
frequency patterns, we gain an extraordinary new toolkit for improving health and promote 
healing.
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